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The foundation

of reliable Al

Everyone talks about the importance of
quality human data, but few explain how
to actually get it.

At Prolific, we've built our reputation on
connecting Al developers with genuine
human feedback. You get authentic
responses from real people, capturing the
diverse perspectives and natural thought
patterns that Al needs to learn from.

When your training data doesn’t match
how people actually think and behave, your
Al develops blind spots. These blind spots
become biases. Those biases become failed
products. It's that simple.

We've seen firsthand what happens when Al
systems are built on sanitized, homogeneous
data. They work perfectly in the lab but that
often doesn't reflect well when real humans

start using them.

That's why we're obsessed with data quality.
Not because it makes for good marketing but
because it's the difference between Al that
works and Al that doesn't.

With over a decade of setting data quality
standards for researchers and Al developers,
Prolific has earned its position as the trusted
source for human-derived data. While others
have only recently started talking about data
quality, we've been refining our approach
through millions of studies, building systems
that researchers from leading institutions
worldwide rely on daily.

Our history in academic research has given
Us a unique perspective on what makes data
truly valuable. We understand that collecting
responses is easy—ensuring those responses
honestly reflect human thought is the real
challenge. It's this challenge that we've built
our entire platform to address.

We're not perfect, though. And we don’t
pretend to be, because true perfection in
data quality is an unreachable goal for
anyone in this field. Our approach to data
quality evolves constantly. Something we
considered best practice six months ago
might be outdated today as new challenges
emerge. The tactics we use to identify
suspicious responses, detect LLM use, and
verify participants’ identities and skills are
continuously evolving.

This paper isn't about showing off a perfect
system. Instead, we're sharing how we tackle
the messy reality of collecting human data,
where the line between human and Al-
generated content grows blurrier by the day,
and where verification methods, like our Al
tasker exams, must constantly adapt to new
challenges.

Here's how we're handling it.
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How Prolific guarantees data quality

How Prolific verifies
its participants

Anyone can claim to be someone they're not online. The
difference is how rigorously Prolific verifies each participant’s
identity and authenticity.

Our vetting starts before a participant even completes their
first study and continues throughout their time on our platform.
We've built Protocol—our proprietary data protection system—
to maintain the highest standards of data quality through
automated, continuous monitoring.

Rigorous onboarding that actually works

When someone signs up to Prolific, they complete a thorough
verification process before joining their first study:

* Bank-grade identity checks confirm participants are who
they claim to be—not bots, duplicate accounts, or identity
spoofers. We verify government IDs and match them to the

person applying.

* Location verification shows participants are where they
say they are. We cross-check physical and digital locations,
blocking mismatches and restricting access from countries
you don't need in your research.

* Qualitative response assessment evaluates participants’
attentiveness, effort, and comprehension during our initial
onboarding study, flagging those who can’t follow basic
instructions.

* Researchers can include attention checks within their
studies, so they can identify participants who aren’t paying
proper attention. Participants who consistently fail these
researcher-implemented attention checks or have tasks
rejected are blocked from future studies.

» Al misuse detection identifies unusual patterns in responses
that could signal LLM use. The system works against any
large language model, including ChatGPT, Claude, Gemini,
and new models as they emerge, like DeepSeek. We're
continually updating our detection methods to keep pace
with the latest Al advancements.

We don't just collect this data once. Protocol continually
updates participant profiles, so verification remains current. This
stops participants from changing habits after being approved.
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Always-on monitoring that immediately acts

Getting past our onboarding isn't a lifetime pass. Protocol’s “always-on”
system constantly analyzes participant behavior and study responses:

» Content analysis during onboarding examines initial responses for
signs of suspicious activity, including pattern matching, duplication, and
statistical anomalies that hint at non-human inputs.

* Behavioral monitoring tracks how participants interact with studies—time
spent on questions, answer patterns, and device consistency.

* Researcher ratings feed into our quality algorithms. When participants
consistently receive low ratings, the system flags their accounts for review.

When Protocol detects problems, we take immediate action and participants
are removed from the platform. While participants can contact support, we
maintain a strict policy against LLM use in studies unless explicitly permitted
by researchers. Anyone who consistently receives low ratings or fails multiple
checks are removed from the platform entirely.

Our automated removal systems mean you don’t have to worry about
manually filtering respondents with poor track records. Protocol handles it
for you, saving time while maintaining quality.

With a relentless focus on verification, we strengthen our entire participant
pool. Continuously removing low-quality participants allows us to build

a community of responsive, honest contributors who understand what
researchers and Al developers actually need.
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How Prolific guarantees data quality

How Prolific
identifies LLM use

Al detection is anything but easy. Large language models are evolving
daily, and the line between human and machine-written text grows
blurrier by the week.

That's the challenge. Here's how we're tackling it.

We've built a specialized team focused solely on data quality protection,
with a growing emphasis on LLM detection. These experts—a mix of data
scientists, ML engineers, and research specialists—work continuously to
keep our detection methods ahead of the curve.

We can't just build a detection system once and call it done. What
worked last month might be useless against the next generation of
models. So we iterate constantly.

This iterative approach means our detection methods evolve alongside
the very Al tools we're trying to identify. When ChatGPT updates, our
systems update. When Claude improves, we adapt our approach.

Detection that works across models

Our LLM detection system operates during the participant onboarding
process, establishing quality standards. The system is designed to work
across multiple Al platforms, detecting content generated by ChatGPT,
Claude, Gemini, and other large language models participants might use.

The system analyzes initial responses for telltale patterns that may
distinguish machine-generated text from human writing:

+ Statistical anomalies in word choice and sentence structure
* Unusual consistency in response quality across different questions
» Subtle patterns in how ideas are organized and presented

» Behavioral signals like typing speed, pause patterns, and editing
behavior

* We're actively developing expanded capabilities to extend this
protection to individual studies through integrations with survey
platforms.

This matters because Al models trained on Al-generated responses
create a dangerous feedback loop. When your models learn from other
Al systems rather than real humans, they amplify existing biases and
drift further from human thought patterns with each iteration. Our
detection helps ensure your research and Al development rests on
authentic human perspectives, not recycled Al outputs.

We've learned that effective detection requires more than just analyzing
the text itself. There's a need to combine content analysis with
behavioral monitoring to catch what standalone Al detectors miss.
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Clear boundaries for participants

Technology has a place in research, but not at
the expense of authentic human responses. We
maintain clear policies for our participants about
appropriate technology use:

* When Al assistance is explicitly allowed or
prohibited

» Which tools can be used for different study types

» The consequences of using Al without the
researcher’s permission

These aren't buried in fine print. We communicate
them prominently throughout the participant
experience so everyone understands what's
expected.

Education plays a role in our approach. Many
participants don't use LLMs maliciously. They're
simply trying to provide what they think researchers
want. We actively teach our participant community
why natural, unfiltered responses are more valuable
than polished Al text to create a pool of participants
who understand the importance of authentic
contributions to your research.

Beyond automated detection

While our automated systems catch most LLM use,
we've implemented additional safeguards:

* Researchers can flag suspicious responses
directly, triggering an enhanced review

* Regular "honeypot” questions help identify
participants who rely on Al

* Random manual reviews complement our
automated systems

When researchers report suspected Al use, our team
investigates thoroughly. If confirmed, we not only
remove the participant but also use their patterns to
strengthen our detection systems.

These safeguards translate directly to researcher
benefits, such as higher confidence in your data,
more reliable research outcomes, and Al models that
genuinely capture human thought patterns rather
than Al approximations. When you build on Prolific
data, you can trust you're building on authentic
human insights.

This collaborative approach—combining
automated detection, clear policies, and researcher
partnership—creates multiple layers of protection
for your data quality.

07



How Prolific guarantees data quality

WINAYE G EE

stop improving

Data quality is a never-ending race against increasingly

sophisticated threats rather than a static goal you reach

and then move on.

What works today may not work tomorrow. The detection
methods we rely on this quarter might be less effective by
the next. That's why we've built our entire approach to data

quality around continual evolution.

Leading the conversation on
industry challenges

Unlike others who might shy away from the
uncomfortable realities created by the rise of
large language models, we actively participate
in research exploring the challenges posed by
LLMs. We believe addressing problems starts
with acknowledging them. We can't improve
what we don't measure.

The collaboration exemplifies our approach to
data quality, from facing challenges head-on
to contributing to the scientific understanding
of the problem and developing solutions
based on evidence rather than assumptions.

We've been working on solutions for years. The
detection systems described in this paper are
the result of proactive investment in protecting
research integrity.
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Learning from our data

Every day, thousands of studies run on Prolific,
generating millions of data points about participant
behavior, response patterns, and quality indicators.

All this data about how people use our platform
doesn't go to waste. We constantly analyze it to
spot:

» Emerging patterns that might indicate new
types of misuse

» Opportunities to improve our detection accuracy

* Ways to reduce false positives that might
unfairly flag honest participants

Learning from our own data allows us to stay ahead
of those trying to game the system.

What we're doing today might not be what we'll
be doing six months from now. That's not because
today's methods don't work—they do—but because
we're committed to building something better,
something that continues to deserve your trust as
the technology landscape evolves.
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Adapting to changing technology

Building better Al starts with data that genuinely
reflects your users, not fake responses or uncertain
identities. If your Al learns from data that doesn't
match how real people think and behave, it'll
struggle when you put it into the real world.

Verifying participants’ identities and skills is
something we take seriously. Our thorough checks
make sure the feedback you're getting comes

from real, verified people and keep your data
accurate while protecting against biases caused by
questionable or Al-generated responses.

We also put effort into teaching participants why
their genuine responses matter. When people
understand the value of their honest feedback,
they're much more likely to provide thoughtful,
meaningful answers. And that means higher-quality
data for your Al development

Balancing quality with
participant freedom

While it's important to have strong checks,
we also know that good data comes from
respecting people’s freedom and the varied
needs of researchers.

We avoid overly strict rules that could limit
participants’' natural responses. Instead, we've
built flexible systems that protect data quality
while still giving researchers the freedom to run
their studies how they want. Participants also
have clear guidelines, but they're free to respond
naturally and honestly within those boundaries.

With verification, participant education, and
flexible study design, we make sure the data you
use reflects real human behavior. That helps you
build Al that works well in real life, capturing all
the complexity and authenticity of the people
you're designing it for.
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The path to human
data you can trust

That's the frustrating gap we see across the Al industry.
Thought leaders emphasize the critical need for high-
quality human feedback while offering little concrete
guidance on how to obtain it. Companies speak eloquently
about responsible data practices while building on
datasets of questionable origin.

The gap between "you need better data” and “here’s
exactly how to get it” costs companies time, money, and
missed opportunities. It leads to Al systems built on shaky
foundations that fall apart when deployed in the real world.

At Prolific, we've bridged this gap by connecting you
directly with a high-quality participant pool. Our platform
provides reliable human feedback supported by rigorous
quality checks, giving you results you can trust.

» Comprehensive verification that confirms participants
are who they claim to be

» Continuous monitoring that catches suspicious behavior
in real-time

* Advanced LLM detection that evolves alongside the
tools it tracks

+ A commitment to constant improvement as technology
changes

When someone asks where your training data came from,
you'll have a straightforward answer. No handwaving, no
vague assurances, just a clear explanation of exactly how
your data was sourced, verified, and protected.

Such clarity results in better Al. Models trained on verified
human data perform more reliably in the wild because
they're built on authentic human responses, not synthetic
approximations.

Building better Al is a lot more than more models and
bigger data. It starts with authentic human feedback that
truly represents your users. That's what we deliver, and it’s
why leading Al companies and academic researchers trust
Prolific with their most important projects.

Ready to experience the difference? Get started today
and see how quality human data transforms your Al
development.

Get started. Speak with sales”
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https://www.prolific.com/contact
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